
Appendix A: Identifying Voter Guide Availability

Texts from Digital Archives

We downloaded all articles from U.S. newspapers that contained the terms “voter guide”, “election

guide” or “voter’s guide” in Proquest newspaper archives from Oct 1 to Nov 15 for each election

year from 2004 to 2014. We searched for these same terms in the title or first paragraph of newspa-

per articles featured in Access World News-Newsbank over the time period. However, due to article

download limits and the lack of a batch download feature in this database, we screened the resulting

search results by examining the detailed article summary and attempted to only download those

articles containing voter guides. Also, when a voter guide was broken into many individual stories

in this database we only downloaded the first several matches if they all contained similar infor-

mation (e.g., candidate profiles for multiple congressional districts each posted as a separate article).

This process resulted in 3,454 full text news articles from the two databases. We then processed

these articles by removing word order and common stop words. We stemmed the remaining words

and represented each document based on counts of the number of times the top 250 words in the

corpus occurred in that document. 500 of the resulting articles were then hand-coded by one of the

authors to remove any remaining news stories that did not contain a voter guide. This typically

resulted from 1) regular news stories (e.g,. horserace coverage of the political campaign) that were

labeled as an election guide while not fitting the definition of a voting aid we use in this paper or 2)

stories that mentioned third-party voting guides (e.g., a State Voting Guide or League of Women

Voter’s Guide) that were not produced by the newspaper.

We then trained an ensemble classifier using 10-fold cross-validation on this training set to remove

irrelevant articles from our matches. The ensemble contained a support vector machine, ridge,

lasso and elastic net (↵=.5) regressions and a random forest classifier. We developed an ensemble

classifier weighting the predictions of each classifier using Super Learning (van der Laan et al.

2007, see Grimmer et al. 2015 for an application in political science), producing the resulting model

weights in the ensemble classifier.

Table 2: Method Weights in Ensemble Classifier

method weight
1 svm 0.10
2 ridge 0.16
3 lasso 0.13
4 elastic.net 0.00
5 random.forest 0.61

When applied to the training data, the classifier produced the following performance statistics.
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While we still have some di�culty in removing all irrelevant articles (as evidenced by the relatively

low recall for the “Not Guide” category), this approach helps to prune some of the irrelevant

matches that do not meet our definition of a voter guide.

Table 3: Ensemble Classifier Performance

metric measure
1 accuracy 0.81
2 precision.guide 0.80
3 precision.notguide 0.91
4 recall.guide 0.99
5 recall.notguide 0.36

Table 4: Classifier Confusion Matrix

Guide.Predict Not.Guide.Predict
Guide.Actual 356 5

Not.Guide.Actual 89 50

The strength of this approach is that we search through all content contained in newspapers avail-

able in these databases for this time period. However some papers are not available in these

databases and voter guides contained only online (e.g., because they are interactive) or in special

election sections are often not included in these databases. As a result, many of the voter guide

occurrences we identify are indirect (e.g., a correction to an already issued guide or a weekly sum-

mary story that mentions a guide will be produced that week). For this reason we turn to the

public Facebook pages of newspapers to determine instances where they promoted these guides

and where they would have good reason to place links to online-only voter guides.

Voter Guides on Newspaper Facebook pages

We downloaded all posts made by all daily newspapers with public Facebook pages (n=1,154) be-

tween Oct. 1 and Nov. 15 for each of the election years. Few newspapers had active Facebook

pages prior to the 2010 election so we began our analysis then. This resulted in 799,068 posts. We

then searched for posts containing the phrases “election guide”, “voter guide” or “voter’s guide.”

This produced 457 matches. We then processed the resulting matches by hand to remove the small

number of posts that mentioned news stories and were not made in reference to a paper’s voter

guide.

While newspapers may produce voter guides that they do not subsequently promote on their

Facebook pages, the advantage of this approach is that we have all newspaper posts over this time

period and capture links to a number of digital newspaper guides it is unclear we could identify
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if only using the other digital archives. This also demonstrates that many newspapers attempt to

promote voter guides online as we do in the email campaign portion of this paper.

Tables of Results

Table 5: Voter Guide Availability in Proquest/Newsbank Over Time

2004 2006 2008 2010 2012 2014
Prop.W.Guide 0.07 0.10 0.07 0.06 0.07 0.06
# W/ Guide 81.00 153.00 142.00 124.00 135.00 119.00

# Papers Available 1130.00 1564.00 2077.00 2017.00 1962.00 1882.00

Table 6: Voter Guide Availability on Facebook Over Time

2010 2012 2014
Prop.W.Guide 0.06 0.07 0.08
# W/ Guide 48.00 82.00 90.00

# Papers on Facebook 816.00 1104.00 1154.00

Table 7: Voter Guide Availability on Proquest/Newsbank By Paper Size (2014)

Less than 10,000 10,000-20,000 20,000-50,000 More than 50,000
Prop.W.Guide 0.01 0.12 0.17 0.30

# Papers In Bin 326.00 187.00 163.00 132.00
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Table 8: Voter Guide Availability on Facebook By Paper Size (2014)

Less than 10,000 10,000-20,000 20,000-50,000 More than 50,000
Prop.W.Guide 0.03 0.08 0.13 0.21

# Papers In Bin 585.00 262.00 184.00 122.00
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Appendix B: Experimental Treatments and Heterogeneous Treat-

ment E↵ects
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Figure 7: Placebo Email

Figure 8: Civic Duty Email
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Figure 9: Instrumental Gains Email

Figure 10: Partisan Conflict Email
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Figure 11: Heterogeneous E↵ects of Email Treatments (Individual Treatments)
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Note: Figure displays e↵ects of email treatments, relative to a placebo email, among di↵erent
subsets of individuals. Treatment e↵ects were obtained from linear probability models regressing
voter guide use on an indicator for whether an individual received a non-placebo email. Bars
represent 95% confidence intervals from robust standard errors.
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Appendix C: Comparing Survey Respondents and Non-Respondents

Table 9: Regressing Follow-Up Survey Response on Demographic Data

Age Income Children Time in Residence Capitol Alert Subscriber
(Intercept) 53.87⇤ 42310.11⇤ 0.38⇤ 9.83⇤ 0.10⇤

(0.07) (57.16) (0.00) (0.03) (0.00)
survey.response 6.80⇤ 1432.73⇤ �0.04⇤ 1.90⇤ 0.02⇤

(0.30) (240.47) (0.01) (0.14) (0.01)
N 39653 40188 39653 40188 53638
Standard errors in parentheses
⇤ indicates significance at p < 0.05

Using the Nielson PRIZM data available for some individuals on the email list, we compare the

demographic features of those individuals who responded to the survey to those that did not. The

coe�cient on “survey.response” displays the di↵erence in means between those who subsequently

responded to the survey relative to those who did not. On all five of the demographic features

available, we find statistically significant di↵erences between those who responded to the survey

and those that do not. As Table 9 indicates, the individual’s on the email list who responded to

the survey are older, have higher incomes, are less likely to have children and have lived at the

current residence for a longer period of time than those that did not. Finally, survey respondents

were slightly more likely to subscribe to “Capitol Alert” an online newsletter about state politics

distributed via email.

Appendix D: Pre-Analysis Plan

Before conducting this experiment, we filed a pre-analysis plan.17 The pre-analysis plan outlines

several tests not ultimately included in this manuscript. At the time we wrote this pre-analysis plan,

our intention was to use the random assignment to one of the email conditions as an instrument

for self-reported measure of voter guide consumption (for all individuals) and our validated click-

through measure (for those who received an email), to estimate the causal e↵ect of consumption

on various outcomes (voter knowledge, intention to turn out, etc.) using an instrumental variables

model.

However, as Table 10 below shows, the receipt of an email failed to meaningfully predict self-

reported voter guide consumption. Also, as Table 1 in the main text shows, the email messages did

not significantly increase voter guide usage on the click-through measure relative to the placebo

condition. In each case this means the first stage of an instrumental variables model would su↵er

17This pre-analysis plan can be found here: http://egap.org/registration/669
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from a weak instrument problem, injecting substantial bias into the subsequent estimates. This

does not allow us to use our originally planned IV approach when estimating these models (Sovey

and Green 2012). We therefore abandoned many of the causal tests outlined in our pre-analysis

plan and instead pursued the largely descriptive analyses contained in the main text.

Table 10: Encouragement Email on Self-Reported Voter Guide Use

Pr(Report Voter Guide Use)
(Intercept) 0.292⇤

(0.029)
Encouragement Email �0.016

(0.019)
N 3077
Robust standard errors in parentheses
⇤ indicates significance at p < 0.05

In addition, we predicted in our pre-analysis plan that individuals with children would respond

more strongly to the Instrumental Gains email treatment since that email highlighted education

funding. Various models which interacted assignment to the Instrumental Gains condition with

an indicator for having children did not find a significantly larger e↵ect for the targeted appeal

compared to the others.
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Table 11: E↵ectiveness of Instrumental Gains Appeal By Parental Status - Email Click-throughs

Children-Consumer Children-Self Report
(Intercept) 0.062⇤ 0.061⇤

(0.010) (0.010)
Instrumental �0.012 �0.016

(0.014) (0.014)
Other Appeal 0.005 0.015

(0.013) (0.013)
Children �0.025

(0.017)
Instrumental ⇥ Children 0.004

(0.023)
Other Appeal ⇥ Children 0.021

(0.022)
Children �0.048⇤

(0.017)
Instrumental ⇥ Children 0.045

(0.030)
Other Appeal ⇥ Children 0.005

(0.024)
N 2920 2416
Robust standard errors in parentheses
⇤ indicates significance at p < 0.05
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Table 12: E↵ectiveness of Instrumental Gains Appeal By Parental Status - Email Opens

Children - Consumer Children - Self Report
(Intercept) 0.228⇤ 0.235⇤

(0.019) (0.018)
Instrumental �0.008 �0.007

(0.027) (0.025)
Other Appeal �0.023 �0.021

(0.022) (0.021)
Children 0.008

(0.039)
Instrumental ⇥ Children 0.015

(0.055)
Other Appeal ⇥ Children 0.012

(0.044)
Children �0.026

(0.051)
Instrumental ⇥ Children 0.021

(0.073)
Other Appeal ⇥ Children �0.008

(0.058)
N 3077 3032
Robust standard errors in parentheses
⇤ indicates significance at p < 0.05
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Appendix E: Opposing Headlines in Conjoint Choice Tasks

Table 13: Headlines in California M-Turk Survey

topics headlines
Voter Guide “Your guide to issues and candidates in the 2014 California Primary election”
Foreign A↵airs “Ukraine presses assault as rebels free observers”

Science “The surprisingly simple way Egyptians moved massive
pyramid stones without modern technology”

Technology “Headphones that make smartphone calls easier”
Crime “Police o�cer killed in Harbor City hit-and-run crash”

Celebrity News “Bradley Cooper bulks up”
Sports “Clippers still caught up in Donald Sterling scandal”
Health “Some e-cigarettes deliver a pu↵ of carcinogens”

Economy “Should you believe the new jobs numbers?”
Travel “Travel: A remote Colombia city that really does exist”

Headlines modeled o↵ 2014 online news items from The New York Times, The Washington Post,
The L.A. Times, hu�ngtonpost.com and Reuters.

Figure 12: Example Choice Task from M-Turk survey
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Appendix F: Sacramento Bee Voter Guide

The online voter guide we examine can be found at: http://c3.thevoterguide.org/v/sacbee14/

build.do.
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Figure 13: Voter Guide Example - Biographical Information
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Figure 14: Voter Guide Example - Issue Information
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